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Abstract

This thesis consists of four essays in development and political economics.

The first essay, ” Aid Effectiveness: New Instrument, New Results?” asks
the question of whether aid leads to growth, which, despite a voluminous
literature, is still controversial. To observe the effect of aid, researchers have
used instrumental variables that must be exogenous to growth and explain
well aid flows. This paper argues that instruments used in the past do not
satisfy these conditions. We propose a new instrument based on aid quan-
tities as predicted by the priority that different recipients are given by the
donors. We find a significant and relatively big effect of aid: a one standard
deviation increase in received aid is associated with a .46 to 3.2 percentage
points higher growth rate.

The second essay, "Hidden Redistribution in Higher Education”, inves-
tigates one potential motive behind public expenditures in higher education
in Sub-Saharan Africa. Low income countries, and in particular countries in
Sub-Saharan Africa, have invested huge resources over the last 40 years in fi-
nancing higher education, compared with the number of students enrolled at
that level and with the corresponding expenditures for lower levels of educa-
tion. I propose and test the hypothesis that overspending in higher education
reflects patterns of redistribution towards the elites close to the political lead-
ers, when this level of education is accessible exclusively or mostly to such
groups. I find support for this hypothesis, but the bulk of the Sub-Saharan
Africa spending anomaly remains to be explained.

The third essay, ” The Impact of a Food for Education Program on School-
ing in Cambodia”, is a program evaluation. Food for Education (FFE) pro-

grams, which consist of meals served in school and in some cases take-home
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rations, are considered a powerful tool to improve education and health out-
comes for children in the developing world. Compared to other programs,
such as conditional cash transfers and scholarships, school meals provide a
stronger incentive to attend school because children must be in school to
receive the rations. In this paper, we find that the Cambodia FFE, imple-
mented in 6 Cambodian regions between 1999 and 2003, increased enrollment
rates, school attendance and achieved education. We also investigate who
benefited the most, and how cost-effective such a program is compared to
other types of interventions.

The fourth essay, ” Constitutions and the Growth Elasticity of Poverty”,
explores, with help of new data, the heterogeneity around a well known aver-
age relationship, the one between growth and poverty reduction. Increasing
per capita incomes are generally associated with decreasing poverty rates. Af-
ter the UN Millennium Declaration, a big research effort has focused on the
responsiveness of poverty to growth using the concept of growth-elasticity
of poverty: the percentage change in poverty associated with a 1 percent
growth in per capita income. The main focus is on the effect of the constitu-
tion, in particular the form of government and the electoral rule, which has

not previously been explored in the literature.
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Chapter 1
Introduction

This thesis consists of four essays in the areas of Development and Political
Economics. Although they are quite different both in terms of the questions
investigated and the methods of analysis, there are some common themes.

The first one is development. Two essays, chapters 3 and 4, look at
one specific area of development, crucial both at the individual and at the so-
ciety level, namely education. The other two, chapters 2 and 5, consider the
broadest and most general characterization of the concept of development:
economic growth. Chapter 2 looks at economic growth as an outcome, and
asks if foreign aid, one of the many bonds between richer and poorer coun-
tries, helps foster economic growth. The last chapter investigates, instead,
the effects of economic growth on another development outcome: poverty
reduction.

Both these questions are far from novel, and these essays build on two
strands of literature that are very large but nevertheless do not have all the
answers. In particular, the question on aid effectiveness has been debated,
with different approaches and methods, for over three decades now, but is still
unsettled. To isolate the effect of aid on growth, researchers have to deal with
the familiar problem of reverse causality. Aid is to a larger extent allocated to

poorer and worse performing countries, so that low growth ”causes” high aid
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quantities. This simple observation makes the causal link from aid to GDP
growth impossible to establish by looking at simple correlations between
these two variables. To observe the causal effect of aid, researchers have
used instrumental variable techniques. Instruments must be ezogenous to
growth, i. e. not have any influence on growth except through aid flows, and
explain aid flows well. The paper ” Aid Effectiveness: New Instrument, New
Results?”, presents a new instrumental variable to isolate the unconfounded
effect of aid on growth, which we argue improves upon past approaches. We
are glad to be able to offer, on this basis, a positive answer to the research
question: yes, aid contributes to growth in recipient countries, although the
effect is very small.

The debate regarding the relationship between economic growth and
poverty reduction is of a different nature. The average positive relationship is
established and well known. What is interesting to investigate in this case is
how this relationship varies beyond averages,' how it changes under different
conditions. We would like to know why the effect of growth on poverty is so
much larger in some economies than in others. The main contribution of the
paper in chapter 5, ”Constitutions and the Growth-Elasticity of Poverty”,
is to investigate for the first time how the relationship between growth in
average incomes and the share of absolute poor in the population changes
with a country’s constitution. There are reasons to believe that the shape
of the constitution might be one factor that affects this relationship. These
reasons can be found in another very big and expanding strand of literature,
the one on the economic effects of constitutions. This area of research builds
on a very long and honored tradition in political science, but is relatively
recent within economics. During the last 15 years, and just between Stock-
holm and Milan?, this literature went through a systematization and a big

push forward thanks to the works of Torsten Persson and Guido Tabellini.

IBanerjee (2008)
?Incidentally, Bocconi Universtity in Milan and Stockholm University are the two in-
stitutions where I got my undergraduate and graduate education in economics.



Based on this literature, that highlights how economic policies and other
long-term outcomes are affected by the details of a country’s constitution, I
can formulate and test hypotheses on how the shape of the constitution can
be expected to relate to the item of debate: the extent to which economic
growth "trickles down” to lift low income earners out of poverty. The main
result of the empirical analysis conducted here concerns two aspects of the
constitution: the electoral rule and the form of government. Poverty appears
to be less responsive to growth in countries where a majority of the legis-
lators are elected under plurality rule. On the other hand, poverty appears
to be more responsive to growth in countries with a constitutional arrange-
ment that tends to result in a strong executive. These findings suggest that
the type of incentives provided to the political leaders by the constitutional
arrangement, and the resulting types of policies, can make the efforts for
poverty reduction more or less effective. This should raise awareness that, in
some circumstances more than in others, it is necessary to invoke interven-

tions in support of the poor to complement pro-growth policies.

The second running theme is development assistance. Official de-
velopment assistance (ODA) is defined as the flows of financing administered
with the promotion of the economic development and welfare of developing

3 The essays in chapters 2 and 4 look at

countries as the main objective.
development assistance from two different perspectives. The first essay, as
mentioned, investigates the effects of aid in its generality, as an accounting
measure: the raw sum of everything that enters this flow of money, goods
and services between the high-income and low-income countries. This ap-
proach has been criticized, on the point that, being different components of
ODA so heterogeneous in nature, aim and function, it is not only difficult but
also misleading to search for an aggregate effect. More potential, is argued,
lies in the question about specific projects. Interventions in a restricted geo-

graphic area with well defined inputs, outputs, objectives, subjects affected

3Marriott (2004).
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and so on, are more suitable for evaluation. In particular, such interventions
more easily meet the requirements for rigorous scientific evaluation with the
method, recently adopted but already unmistakably dominant in the area,
of the randomized trial.

Both the approaches have their respective strengths and limitations. The
latest trend in the debate around them, quite hot at the moment, stresses the
importance of theoretical thinking and modeling in support of the empirical
analysis.*

The intervention that we evaluate in chapter 4, ”The Impact of a Food
For Education Program on Schooling in Cambodia”, is not a randomized trial
but a so-called natural experiment, because a conscious design created a set-
ting that mimics a randomized trial. The program, which consisted of meals
served in school, take-home rations for poor girls and deworming programs
conditional on school attendance, was phased-in over time in geographically
close and similar regions, creating a source of variation that can be exploited
to ask counterfactual questions. With all the limitations and caution of the
case, we come to the conclusion that the program boosted school enrollment
in the short-run, but the large first-year impacts faded out when the inter-
vention was expanded over time. Beyond enrollment, the intervention also
increased the probability that the children stayed in school after one or two
years, but in most cases it did not lead to higher education achievements.
All of this might hint at the presence of negative countervailing effects of the
type described by Acemoglu (2010) (general equilibrium effects and political
€CONOmy responses).

We also try to fit this contribution into the ”What works in develop-
ment?” agenda. Many interventions have been tried in developing countries
to improve education outcomes for the new generations. Food for Education
programs, or at least the one implemented in Cambodia, are perhaps not the

most effective and cheap way to attract more children to school or make them

4See Acemoglu (2010), Deaton (2010).



stay longer. However, they fill at the same time another function, that can-
not be underestimated: they alleviate hunger, improve nutrition and health
status for poor children. We did not consider these outcomes in the present
paper. The impact on nutrition and general health, equally important if not

more for poor and malnourished children, remains to be investigated.

The third common theme is education. Two of the UN ”Millenium
Development Goals” are related to education. This is but one example of
the enthusiasm of development policymakers for education, which clearly
stems from the potential role of education in improving the welfare of people
living in developing countries. In chapter 4, as mentioned, we focus on the
private decision about investment in education. In many countries, this is
still severely constrained, especially for poor people. This can create a sort

of trap® by which poverty and underdevelopment perpetuate themselves.

Education, or the human capital of the population, is also an asset for
a country. Policy makers at the national level and international actors are
aware of this, and encourage investments in the education sector in develop-
ing countries. Many aid-giving institutions, the World Bank and UNESCO
among others, encourage university provision as a means to general aims
such as expanding enrollment, preventing the brain drain and laying the ba-
sis for the scientific R&D sector. Recently, the Inter-American Development
Bank suggested in a report that increased access to higher education could
be a route to reduce inequality in Latin America. However, when it comes
to public expenditures, political economy factors can and often do enter the
picture to complicate things. It happens in rich countries and developing
countries alike.® The burgeoning empirical literature on distributive politics
is a major growth area in the field of political economy. The second essay
in chapter 3, "Hidden Redistribution in Higher Education” fits in this lit-

50On this and other "traps”, see the works of Dasgupta (1997, 1998).

6Besides the literature for developing countries quoted in the paper, see for example
Golden and Picci (2008) about Italy and Dahlberg and Johansson (2002) about Sweden.
A longer list is provided in Kramon and Posner (2010).
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erature. It moves from the observation, well known but surprisingly little
investigated, that some African countries’ expenditures in higher education
are disproportionate in levels, with respect to both the demand for this level
of education (the number of students), and the average incomes in these
countries. The paper tries hence to find out if further motives are reflected
in these levels of spending, in particular, ethnic favoritism. The answer in
the paper is both positive and negative: there is trace of ethnic patronage in
the variation of expenditures, but the extent of this effect is not sufficient to

explain the African ”spending anomaly”.
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Chapter 2

Aid Effectiveness: New

Instrument, New Results?*

1 Introduction

Foreign assistance has been disbursed for decades and is today still seen as
a major tool of development policy, and while all promises of increasing aid
flows are likely not to be fulfilled, the trend is clearly towards an expansion.
If there seems to be near unanimity among policy makers about the positive

role of aid,! the academic community has not found any robust evidence that

*This paper is coauthored with Emmanuel Frot, SITE/Stockholm School of Economics.
The authors thank Ethan Kaplan, Jakob Svensson, Rajeev Dehejia, Philippe Aghion,
Pamela Campa, Martin Berlin and all the participants at the ITES and Economics De-
partment seminars at Stockholm University.

'For instance, the Monterrey Consensus, adopted by Heads of State and Government
after the 2002 United Nations International Conference on Financing for Development,
states that “Official Development Assistance (ODA) [...] is critical to the achievement of
the development goals and targets of the Millennium Declaration”, that “we recognize that
a substantial increase in ODA and other resources will be required if developing countries
are to achieve the internationally agreed development goals and objectives, including those
contained in the Millennium Declaration”, and that “we urge developed countries that have
not done so to make concrete efforts towards the target of 0.7 per cent of gross national
product (GNP) as ODA to developing countries”.
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aid contributes to development.? The aid effectiveness literature is large and
mostly inconclusive. The results vary widely in size and sign, and have often
been proven not to be robust and often reversed by new estimations. The
so-called third generation of aid and growth studies, which established some
influential and widely cited results in the 90s, has recently been criticized,
mainly on two points: the unsatisfactory instrumentation strategies and the
“black box” way in which they use General Method of Moments (GMM)

3 These two points relate to the two fundamental issues the

estimations.
researcher must confront when designing an empirical strategy to deal with
the question of aid effectiveness. The first is the identification of the causal
effect of aid on growth, unconfounded by simultaneity and reverse causality.
The second is the consistent estimation in a dynamic panel setting. We offer
our main contributions on these two points.

We propose a new instrument and argue that it is a significant improve-
ment relative to past approaches. It takes the “supply side” approach, that
makes use of variables linked to the aid allocation process (mostly histori-
cal and political variables), one step further. Our identification strategy is
similarly based on predicted aid flows; however, unlike existing studies, we
exploit a source of variation that we argue not to be subject to the same
criticisms, namely that of being directly correlated with the outcome. This
source of variation is related to the temporal order in which donor-recipient
partnerships are established: Frot (2009) shows that when a partnership is
established and how long it lasts are of importance for aid quantities. In ad-
dition to being exogenous to growth, we show that our instrument is highly
correlated with actual aid levels.

On the second point, we keep our estimation strategy as simple and trans-

2Many authors argue that aid failed to achieve growth. Easterly (2006) gives a detailed
presentation of the arguments. Easterly (2007) summarizes them in an article entitled
“Was Development Assistance a Mistake?”.

3Bazzi and Clemens (2009) make this point very effectively and provide many examples.
In releasing his Stata package to perform GMM estimations, Roodman (2009a) warned
about the risks of using it unwittingly.
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parent as possible. Given that standard panel estimators (fixed effect esti-
mators) are biased in dynamic settings, we make use of the GMM estimators
in order to account for individual level fixed effects. But we rely exclusively
on our “external” instrument for the identification of the aid coefficient. In
addition, we test the validity of the instruments created by the GMM pro-
cedure and, as a consequence, we are able to comment on the validity of the

GMM approach to estimate aid efficiency.

To give a preview of the results, we find a significant and moderate effect
of aid on growth: in our sample, a 1 percent increase in received aid is
associated with a 0.06 to 0.13 percent higher growth rate. This effect is one
order of magnitude smaller than what has previously been estimated. Such
a small effect might easily be missed or confused in the normal cycles of
growth, so this might help explain why estimates have been so diverse in the

past.

The paper is organized as follows: in the next section, we spell out what
are the empirical challenges that the question of aid effectiveness presents,
and highlight how the literature has dealt with them in some important
contributions. In Section 3 we describe in detail how our instrument is built;
we then briefly discuss our methodological choices in terms of estimators and
present the results in Section 4. In Section 5 the robustness of the results
is assessed. Section 6 concludes the paper. All variable definitions and data

sources are to be found in a data appendix at the end of the paper.

2 Estimation pitfalls and previous literature

A vast literature has focused on the effect of aid on GDP growth, controlling
for various variables. Some version of the following equation is implicitly or

explicitly derived from a standard growth model a la Solow, and brought to
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the data:

Ay = ap + BYir—1 + Yai—1 + Z OkTrit + i + &t (1)
i

In equation (1), ¢ and ¢ respectively index the countries and time periods
(five-year intervals, usually), y is the (natural logarithm of) GDP, and A
indicates its variation, an approximation for the growth rate, « is a constant
that might change over time, 7 is the coefficient of interest, the effect of aid
a (also in logs), x) are additional explanatory variables, and the error term

consists of an unobserved country-specific effect y; and a random noise &;;.*

To estimate this equation, researchers have to deal with the familiar prob-
lem of reverse causality. Aid is to a larger extent allocated to low performing
countries, such that low growth ‘causes’ high aid quantities. This simple
observation makes the causal link from aid to GDP growth impossible to es-
tablish by looking at simple partial correlations between these two variables.
To observe the causal effect of aid, researchers used instruments that must
be exogenous to growth and explain aid flows well. Rajan and Subramanian
(2008) and Bazzi and Clemens (2009), among others, review the past litera-
ture and question the validity of the instruments used in past studies. Table

1 lists the instruments used in four influential papers.®

These papers typically instrument aid with many variables without any
clear identification strategy. Burnside and Dollar (2000) explain that theirs
is based on the aid allocation literature, the so-called supply-side approach,

but it is difficult to argue that any of their instruments satisfies the required

4Most papers in the literature estimate the effect of aid, expressed as a share of GDP,
on growth. We prefer to use aid levels, for reasons exposed later, and for consistency with
the literature also run our regressions using aid as a share of GDP in Section 5.

5The instruments used in Boone (1996) are found in Table 4 of his paper, those of
Burnside and Dollar (2000) in Table 1 and those of Hansen and Tarp (2001) in Table 1.
Dalgaard et al. (2004) reproduce previous specifications but their own set of instruments
is found in Table 3 of their paper, Clemens et al. (2004) use the same set of instruments
as Hansen and Tarp (2001).
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Table 1: Instruments in the aid effectiveness literature

Boone (1996) Burnside and Dollar (2000) Hansen and Tarp (2001) Dalgaard et al. (2004)
Log population Log of initial income Egypt dummy Aid (-1)
Friends of US Policy index Arms imports (-1) Aid? (-1)
Friends of OPEC Log population Policy (-1) Aid*inflation (-1)
Friends of France Arms imports/Tot. imports, (-1) Policy? (-1) Aid*openness (-1)
Aid (-2) Sub-Saharan African dummy Policy*Log population Aid*share of land in tropics (-1)
Egypt dummy  Policy*Initial GDP per capita M2/GDP (-1)
Franc zone dummy Policy*Initial GDP per capita® Budget surplus (-1)
Central America dummy Policy*aid (-1) Inflation (-1)
Policy*aid? (-1) Openness (-1)
Aid(-1)
Aid? (-1)

Note: Instrumental variables for aid used in four influential papers. -1 and -2 indicate lags.

exogeneity assumption. Deaton (2010) criticizes the whole literature by men-
tioning that neither the Egypt dummy nor population, though they are aid
determinants, can plausibly be exogenous. These variables are external to
growth but assuming that they do not have any influence on growth except
through aid flows is not very plausible. Moreover, the Egypt dummy is prob-
lematic as the source of variation is unlikely to teach us anything about the
effect of aid on growth in a general way. The variation between Egypt and
non-Egypt countries, or for that matter between Franc-zone countries and
non Franc-zone countries, is not very useful. Unfortunately, similar criti-
cisms apply to all instruments listed in Table 1. None of them is exogenous
to growth. Even the fraction of land in the tropics, used by Dalgaard et al.
(2004), is correlated with institutions which, in turn, affect long-run devel-
opment, as shown by Acemoglu et al. (2001). Lagged aid variables, either
interacted with other exogenous regressors or not, also constitute a dubious
choice if growth is serially correlated. Similarly, the assumption that a con-
trol such as policy has a contemporaneous effect on growth but none in the

next period, except through aid, is hard to defend.

Rajan and Subramanian (2008) recognize these issues and adopt a slightly
different approach based on donor-recipient pair characteristics, instead of us-
ing recipients’ characteristics. Donors choose aid allocation based on poverty

considerations, but also because of history and influence. The authors here
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capture historical relationships through colonial links and commonality of
language. Influence is proxied by the relative size of the donor and the re-
cipient. The larger the donor, the larger its influence. Relative size is also
interacted with historical variables as influence is likely to be further in-
creased if historical links are strong. Aid quantities are estimated at the
donor-recipient level and then summed across donors to find the recipient
predicted aid quantity. Rajan and Subramanian (2008) then use this instru-
ment to revisit most of the past evidence on aid effectiveness and find little

robust evidence of any link between aid and growth.

This identification strategy improves upon past studies but is still not en-
tirely convincing. Historical variables are unlikely to be exogenous to growth
and are correlated with traditional growth determinants, as shown by Bertoc-
chi and Canova (2002). Acemoglu et al. (2001) have also demonstrated how
colonial origins are of importance for growth through institutional quality.
A second concern with the instruments of Rajan and Subramanian (2008)
is their limited variation since historical variables are simple dummies. In
addition, they still include population in their set of instrumental variables,
despite its drawbacks. In fact, Bazzi and Clemens (2009) show that their
identification almost exclusively relies on population size because the other
instruments are weak, to the point of being irrelevant. Therefore, Rajan and
Subramanian (2008) face the same problem of invalid instruments as earlier
papers.

A second challenge for the researcher is the fact that the process of eco-
nomic growth calls for a dynamic model, in which current values depend on
past realizations. This is why the lag value of income figures as a regres-
sor in equation (1). One immediate problem in the estimation of such a
model is that lagged values of the dependent variable (and potentially of the
other regressors) are correlated with the fixed effect in the error term. This

makes the OLS and 2SLS estimators inconsistent.® Sure enough, the fixed

60nly the coefficient on income is plagued by this problem. On the other hand, the
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effect estimator is consistent; but with five-year intervals over forty years
of data it is not possible to rely on asymptotic properties’, although this
point has often been overlooked. To deal with this issue, researchers have
made use of a class of estimators built for the purpose, namely the GMM
estimators. This procedure consists of first-differencing the data, as opposed
to the fixed effect transformation that demeans them (subtracts the sample
mean). Endogenous variables are then instrumented using their own lagged
values. The main advantages of these estimators are that they deal with
individual level fixed effects without incurring the bias to which standard
panel estimators (chiefly the fixed effect transformation) are subject in dy-
namic settings. Furthermore, they offer “internal” solutions for dealing with
endogenous regressors. In particular, the Arellano and Bond (1991) original
“difference” estimator instruments for current period differences in endoge-
nous variables using their own multiple lagged levels. The more efficient
Blundell and Bond (1998) “system” estimator, which exploits the moment
conditions from a system of the differenced equation plus the original level
equation, additionally instruments for current period levels using lagged dif-
ferences. This wealth of plausibly valid instruments is never submitted to
the standard weak-instrument diagnostics, so there is no guarantee for their
relevance; and the problems for inference of using many weak instruments
are very serious and very well known.® Moreover, the exclusion restrictions
on which these methods rely are more demanding than what is often as-
sumed (in particular for the “system” method; see Roodman (2009a) for a

discussion of these issues).

Our approach is hence to exclusively rely on our external instrument

for the identification of the aid coefficient. Endogenous variables for which

presence of one inconsistent coefficient also biases the other coefficients in the regression,
moreover in a direction that is difficult to predict.

" Asymptotics require t — oo, while here we have ¢t = 8 at most!

8See Stock and Yogo (2005) and Staiger and Stock (1997). Stock and Wright (2000)
and Bun and Windmeijer (2010) look at this issue in the context of GMM estimators.
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we do not have an external instrument?, mainly income, are instrumented
using their lagged values, but we are very careful in keeping the number
of instruments as low as possible by collapsing the instrument matrix, as
recommended in Roodman (2009a). Moreover, in Section 5, we replicate
the GMM instrumentation in a traditional IV setting, so that we can use
the whole standard battery of tests for instrument strength. In the absence
of a test for instrument strength in a GMM setting, this approach is used
by Bazzi and Clemens (2009), following Blundell and Bond (2000), Bun
and Windmeijer (2010) and Roodman (2009a). The “difference” estimator
has often been criticized on the grounds that it is biased because of weak
instrumentation. It was then recommended, as in Bond et al. (2001), to
use the “system” estimator, which is considered to be more robust to weak
estimation. However, recent research (see Bun and Windmeijer (2010) and
Hayakawa (2007)) suggests that “system” GMM estimators may not fare any
better and can be seriously biased. An additional contribution of the paper is
therefore to assess the validity of the GMM approach in the aid effectiveness
literature. In addition to not taking instrument strength for granted, we also
statistically test the exclusion restrictions on which the “system” estimator
relies. Papers on aid effectiveness typically eschewed these tests, whereas
the restrictions are far from trivial.! Our results cast serious doubts on the
ability of GMM estimators to identify the relevant effects, and suggest that
the (consistent) two-stage least squares estimator, biased but free from weak

instrumentation issues, should be considered first.

9We use partnership characteristics to build instruments for aid but also for trade flows,
see sections 3 and 5.1.

100n the other hand, Bond et al. (2001) argue that they must be satisfied when esti-
mating a Solow growth model.
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3 The instrument

This section focuses on describing in more detail our new instrument, which

is the main contribution of this work.

3.1 Design

Total aid A;; to recipient ¢ in year t can be decomposed as

Ay = Z Sz‘thjt, (2)
J

where donors are indexed by j, Dj; is j’s total aid budget in year ¢ and
si;¢ is the share of this budget allocated to recipient 7. Each donor-recipient
pair (i,7) in a given year t is characterized by two features: the date when
the partnership was established, and how long this partnership existed. The
latter is the difference between ¢ and the entry date and is referred to as 7.
We call k;; ¢’s entry date position in an ordered sequence of all partnerships
established by j. For instance, x;; = 1 for recipients that received aid from j
in the first year j started to give aid, and so on.'* More formally, define 7,
as the first year j gives aid to ¢ and ; as the first year the donor disburses

aid to any country. The entry date order &;; is then defined as
Kij = 1ij — T + 1. (3)

Donor portfolio expansion implies that aid shares are bound to fall on

average. In order to make aid shares neutral with respect to portfolio size

" To be precise, our data only starts in 1960, so the ordered sequence of recipients’
cohorts is approximate. This is a data limitation which is akin to censoring, but on an
independent variable; the econometric literature has surprisingly little to say about how
to deal with this issue; see Manski and Tamer (2002) and Rigobon and Stoker (2009) for
contributions on this issue.
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we define normalized aid shares o

1
Oijt = Sijt — N_’ (4)

J

where Nj; is the number of recipients that have received aid from donor j
at least once before year t. Normalized shares are hence deviations from an
equal sharing rule among all recipients.

Predicted aid shares are then the OLS fitted values of

Uijt =a -+ bliij + CTijt + uijt- (5)

Predicted aid shares for any observation (i.e. a given (i, j) pair in a given
year) are fully defined by their entry date order and partnership length. In
other words, to any partnership characterized by entry date of order x and
length 7 we associate a predicted aid share 7., = a + bk + ér. 0.+ 1S nOt
related to i, j, or t: it is the typical share (in fact, the average share) that
any recipient gets from a donor if their partnership was established in the
k™" year of activity of this donor, 7 years ago.

The instrument for aid is the predicted aid quantity

Ay = 6nyyr Dt (6)
j

In words, we first estimate the predicted aid share each donor allocates

to each recipient, based on the pair characteristics. We then multiply these
predicted aid shares by the donors’ aid budgets to obtain a predicted aid
quantity for each recipient. The intuition is as follows. The instrument
artificially recreates a situation where a country receives more aid in a given
period, independently of the “fundamentals” of its economy, but rather for
one or more of the following reasons: because it on average had an earlier
order of entry with respect to other recipients in the donors’ portfolio; because

it was in the (average) partnership for a longer period of time; finally, because
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the (average) donor’s budget for aid happened to be larger that year. Unlike
actual aid Ay, Ait is not influenced by shocks to economic performance in the
recipient country,'? so it is not affected by reverse causality; moreover, we
will argue in the following section that it is a strong instrument, relevant for
predicting actual aid flows, and that its only effect on growth occurs through

the actual aid flows it proxies.

3.2 Properties

For A; to be a good instrument, it must be the case that entry date order
and length are strong determinants of aid shares. Frot (2009) shows that this
is indeed the case, and we reproduce some of his results here. Using data
on aid recipients, we group recipients into six cohorts based on entry dates:
recipients with an entry date of one, then with entry dates between two and
five, six and ten, eleven and fifteen, sixteen and twenty, and above twenty
one. Figure 1 presents the average normalized share received by recipients
in each cohort in each year.!® In other words, Figure 1 shows how much
recipients in each cohort get in deviation from equal sharing.

As shown by the figure, early entrants into donors’ portfolios are on aver-
age receiving larger aid shares. There is some convergence across cohorts but
even many years after portfolios have been formed, it is still the case that
entry dates and aid shares are correlated. Stratification by cohorts is visible

in any year, and seems to have reached a certain persistence level.

120n the other hand, it is affected by shocks to the donor’s economy, through the aid
budget. For example, a boom year for one or more donor countries can lead to larger aid
budgets and at the same time larger trade flows; if some of the recipients are also trade
partners, which is often the case, we might erroneously attribute to aid the beneficial
effects that come from other channels. However, we think that year effects do a good job
of controlling for these instances. Moreover, in the robustness checks, we control for trade,
which we consider to be the main potential alternative channel from having a partnership
to growth.

BDonors enter the market in different years, and sometimes exit the market. These
changes make comparing the cohort averages difficult, so for Figure 1 we restrict the
sample to donors that have been present from 1960 to 2007.



20 CHAPTER 2. AID EFFECTIVENESS

oy o ]
=
(=)
=
£_
=4
e
o
I Www
= o
= e W’M
@ e
o i
m
=
=
=
@
=
s
-
Foo
1960 1870 1980 19490 2000 2010
Year
—+—— 1 caohort 2-5 cahort ——&—— B-10 cohort
11-14 cohort 16-20 cohort ——— M+ cohort

Figure 1: Average aid share in deviation from equal sharing, by recipient
cohort

Figure 1 does not alone offer enough evidence that entry dates play a
decisive role in determining aid shares, neither does it exclude the case that
other factors are behind the correlation between entry date order and aid
receipts. It is likely that donors created partnerships that prioritized poor
countries and heavily populated countries, and that such countries have re-
ceived larger aid shares because of these characteristics, and not because
of their entry dates. However, Frot (2009) also shows that the explanatory
power of entry dates is robust to controlling for these characteristics. In or-
der to disentangle these different possible effects, the normalized aid share
of each recipient is regressed on a set of controls. The following equation is
estimated:

Oiji = o+ BTige + VT + OKij + Tijep + €t (7)

where k;; is entry date order, 7;;; is the number of years the partnership has

existed (756 = t — m;; + 1), @45¢ is a vector of controls including recipient
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GDP per capita, recipient population size, a dummy variable for whether
donor and recipient shared a colonial relationship, and the distance between
¢ and j, and €;;; is an error term uncorrelated with the independent vari-

ables. The variable TZ%t enters the equation to allow for convergence among
countries with different entry dates. The exact functional form of the depen-
dence of the normalized share 0;;; on x;; is debatable. Equation (7) assumes
that it is linear. Figure 1 suggests something more complex, with a falling
effect of entry dates on aid shares (curves get closer when one moves down-
ward vertically). To capture such non-linearities we also estimate equation
(7) by adding H?j as a regressor. Table 2 presents the results. Column (1)
shows that entry dates are indeed affected by recipient and recipient-donor
characteristics, as expected: donors did prioritize countries with a larger pop-
ulation, lower GDP per capita, geographically closer to them and countries

with which a colonial relationship had been in place.

The remaining columns indicate that, as suggested by Figure 1, earlier
entrants indeed receive larger aid quantities, even after controlling for such
recipient and recipient-donor characteristics. Columns (4) and (5) acknowl-
edge the censored nature of aid shares that are bound to lie between 0 an
1, and thus present censored regression estimates. The effects are sizable.
Consider two hypothetical aid recipients A and B from the same portfolio.
A and B’s characteristics are identical, except that A’s entry date is one and
B’s is ten (corresponding roughly to a one-standard deviation difference).
The difference in A and B’s aid shares in year 20 (20 years after they started
receiving aid) is 0.99 percent using estimates from column (3), and 1.45 per-
cent from column (5). This is as large as between a quarter and 40 percent
of the standard deviation of the shares distribution. To put this number into
perspective, we compare it with the GDP differential that would result in
such a difference. In other words, for B to have the same aid share as A, how
much smaller should its per capita per capita GDP be? From the estimates
of Table 2, B’s income per capita would have to be USD 7071 to 5814 lower
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Table 2: Determinants of aid shares

(1) (2) (3) (4) (5)
Entry Aid share Aid share  Aid share  Aid share
GDP per capita .00036*** -.00014%#* -.00025%**
(.000065) (.000018) (.0000075)
Population, mil ~ -.012*** 0055*#* .00597#+*
(.0010) (.0013) (.00013)
Colony -3.91%** 2.69%* 2.96°%**
(1.04) (1.03) (.061)
Distance AT7RE -.057** -.083%H*
(.077) (.022) (.0040)
Entry - 12K S 11k . Vo - 15%R
(.016) (.019) (.0041) (.0054)

Entry, squared
Length

Length, squared

0030%FF 0032FFF 0035%FF 0036+
(.00048)  (.00054)  (.00015)  (.00019)
062FFF  09TFRF QG1HH L1
(.0084) (.011) (.0033) (.0043)

0011FF*  _.0018%%%  -.00091%**  -.0019%**
(.00017)  (.00020)  (.000079)  (.000096)

Constant 6.98%** -.12 .019 IV - 12%*
(1.03) (.082) (.26) (.033) (.055)
Observations 71620 132798 71620 132798 71620
Recipients 113 130 113 130 113
Donors 29 56 29 56 29
R? .057 .019 .098 .007 .028

Note: Robust standard errors clustered at the donor level in parentheses. Columns (4)
and (5) estimate a censored-normal regression. * p < 0.10, ** p < 0.05, *** p < 0.01.



3. THE INSTRUMENT 23

than that of A, using columns (3) and (5), respectively. The mean income per
capita in the sample is USD 1712, with a standard deviation of USD 2043, so
this difference is extremely large. This implies that entry dates have a large
effect when compared to per capita GDPs. The small percentage difference
is also significant in monetary terms, as it represents between USD 14 and
20 million (in 2006 USD). Entry dates, together with partnership length, are
therefore good predictors of aid shares, on top of more traditional determi-
nants of aid. In the next section, we will report more evidence of predicted

aid indeed being a strong instrument for aid.

Returning to our question, we are ultimately interested in the effect of aid,
as predicted by entry date order, on growth. Hence, we also need to ensure
that there are no other confounding effects that go from entry dates to growth
through other channels than aid, i.e. that exclusion restrictions are satisfied.
For example, it might be the case that early entrants do not only receive
more aid, but also larger trade flows, which in turn affect growth. In such a
case, we would erroneously attribute to aid the better growth performance
observed. A response to this concern is to control for those potential factors
correlated with entry dates and affecting growth in the growth regression and
show that aid has an independent effect on top of them. This is done for
trade flows.!* We also show that the direct correlation between entry order
and growth, although present, is very weak, and there is no strong evidence

against the claim that it might come entirely and only through aid.

1 An issue with directly including trade flows in the estimation of equation (1) is that
they, too, are affected by reverse feedback with the growth rate, the left-hand side variable.
Our approach is to instrument them, too, in a similar way as we did for aid flows, using
entry dates and partnership length. The predicted total trade flows are then included in
the equation. Initially, we also took the same approach for inward foreign direct investment
flows, but then abandoned this part of the analysis due to serious limitations in the bilateral
FDI data.
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4 Results

4.1 Preliminary stage

As mentioned above, our strategy consists of first estimating aid shares by
regressing actual shares on entry dates and partnership length (and their
squares).’> We then compute predicted aid quantities Ay by summing up
predicted aid shares multiplied by donors’ aid budgets. The predicted aid
quantity is then used as an external instrument in the “second stage” growth

regression (i.e. in equation (1)).

4.2 Baseline results

Table 3 reports the OLS and IV estimation of equation (1) with and without
country fixed effects.!® The equation includes a number of controls which are
frequently used in the literature: population size; a measure of schooling!’;
inflation as a measure of macroeconomic policies; liquid assets (M2/GDP),
commonly used as a measure of financial depth; institutional quality, mea-
sured by the International Country Risk Guide (ICRGE) index; the Sachs
et al. (1995) index of openness. We also include ethno-linguistic fractional-
ization and regional dummies for Sub-Saharan Africa and quickly growing
East Asia, when possible. These controls are those most commonly used in
the aid effectiveness literature, and allow us to draw comparisons with past
studies.

The log-log specification adopted in equation (1) implies that the coeffi-
cient on aid is the elasticity of GDP with respect to aid. We start by not

15The specification we use to predict aid shares corresponds to Table 2 column (4). The
correlation between predicted and actual shares is 46%, 48% between predicted and actual
aid quantities.

16 All regressions in the paper include year effects. Refer to the data appendix for all
variable definitions and their sources.

17This is the Barro and Lee (2010) average years of primary schooling. Whether we use
primary or secondary schooling does not make much difference.
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Table 3: OLS and IV regressions

n @0 @)
OLS FE OLS 2SLS FE 2SLS
Log GDP, lagged -0.020  -0.23%  -0.030* -0.23%**
(0.016)  (0.047)  (0.018) (0.050)
Log aid, lagged 0.018 0.017 -0.017 0.10%**
(0.011)  (0.017)  (0.050) (0.039)
Log population 0.023 -0.16 0.052 -0.23%*
(0.021)  (0.12)  (0.039) (0.10)
Inflation -0.10%F*F  _0.11FFF 0. 11%F* -0.10%%*
(0.025)  (0.028)  (0.025) (0.028)
Money, lagged 0.00069  0.0028%*  0.0011 0.0029%**
(0.00060)  (0.0013)  (0.00086) (0.0011)
Schooling 0.00029 -0.0013 -0.0028 0.033
(0.012) (0.036) (0.012) (0.037)
Institutional quality 0.013** 0.0077  0.014** 0.0042
(0.0055)  (0.0073)  (0.0056) (0.0070)
Openness 0.097*%**  0.075%*%*  0.10%** 0.078%**
(0.017)  (0.027)  (0.018) (0.028)
Ethno. fractionalization  -0.083 -0.097
(0.057) (0.063)
East Asia 0.014 0.018
(0.026) (0.028)
Sub-Saharan Africa -0.020 -0.0086
(0.038) (0.047)
Observations 347 347 347 344
Countries 61 61 61 58
AP test (p-val) 0.046 0.00088
KP F stat 4.16 12.3
R? 0.32 0.38 0.29 0.28

Note: AP: Angrist-Pischke. KP: Kleibergen-Paap. DThe dependent variable is the growth
rate. All regressions include year effects. Robust standard errors clustered at the recipient
level in parentheses. * p < 0.10, ** p < 0.05, *** p < 0.01.
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instrumenting the aid variable, and present naive estimates, with and with-
out country fixed effects in Table 3. Column (1) confirms the traditional
finding that, when not instrumented, aid has no effect on GDP growth. The
inclusion of country fixed effects only reinforces this conclusion. However,
as argued above, there is little to learn from regressions where aid is not
instrumented. We move on to columns (3) and (4) where aid is instrumented
using our instrument of predicted aid quantities. Because a major concern
in the literature is the weakness of instrumentation for aid, we provide two
statistics. The first is the p-value of the Angrist and Pischke (2009) test of
excluded instruments.’® The second is the Kleibergen and Paap (2006) Wald

statistic. Both are tests of instrument weakness.

Column (3) is the two-stage least square (2SLS) specification. It fails
to find any significant effect of aid on GDP growth, but it is likely that
omitted country fixed characteristics make the error term not orthogonal
to the control variables, biasing the estimates. In addition, the Kleibergen
and Paap Wald statistic is quite low.!” In column (4), we include country
fixed effects to avoid the bias due to their omission. The consequence for
the aid coefficient is quite dramatic. It is much larger than in column (2)
and comfortably passes the five percent significance threshold. The weak
instruments statistics now confirm that our instrument is highly correlated
with aid. The null hypothesis of the Angrist and Pischke test is strongly
rejected, and the Kleibergen and Paap Wald statistic is much higher than
in column (3). These results indicate that the inclusion of fixed effects is

important for the validity of our approach.?® The estimated effect implies

18With a single endogenous regressor, this statistic is simply the F-statistic of the first
stage.

19 Although critical values only exist for the Cragg-Donald Wald statistic, which is not
robust to heteroskedasticity, the 25% maximal IV size value is 5.53, which suggests that
the Kleibergen-Paap statistic is indeed low.

20This test is based on the F-statistic of the first stage, so the stark improvement is
not surprising: the model including country fixed effects performs much better than that
without.
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an elasticity of GDP with respect to aid of 0.10. This elasticity is relatively
moderate. Another way of interpreting the result is that a 1 percent change
in aid increases GDP growth by approximately 0.10 percent. The first-stage

regression for the fixed effect regression is shown in column (1) of Table 4.

It confirms that predicted aid is a strong predictor of actual aid.

Table 4: First stages

OREC) ®)
Aid Aid Trade
Log GDP, lagged -0.088 -0.11 1.07%F*
027)  (0.27) (0.13)
Log predicted aid, lagged 1.42%%F%  1.69%** -0.025
(0.41)  (0.40) (0.13)
Log predicted trade, lagged -1.12%%% 1.06%+*
(0.35) (0.21)
Log population 0.63 0.71 -0.31
(0.70)  (0.69) (0.25)
Inflation -0.073 -0.078 0.0097
(0.10)  (0.10) (0.048)
Money, lagged 0.0016  0.00067 0.0068***
(0.0052)  (0.0052) (0.0025)
Schooling -0.28%* -0.30%* 0.047
(0.16)  (0.16) (0.10)
Institutional quality 0.056%*F*  0.056%** -0.0099
(0.021)  (0.019) (0.015)
Openness 0.053 0.023 0.11
(0.13)  (0.13) (0.081)
Countries 58 58 58
R? 0.35 0.37 0.78
Observations 344 343 343

Note: Column (1) is the first stage of the regression in Table 3 column (4).
Columns (2) and (3) are the first stages of the regression in Table 7 column (4).
The instruments for aid and trade are built from fitted values of the preliminary
stage estimated at the bilateral level, and then aggregated at the country level.
All regressions include country and year effects. Robust standard errors clustered

at the country level in parentheses. * p < 0.10, ** p < 0.05, *** p < 0.01.
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The results in Table 3 are problematic because of the correlation between
lagged income and the error term, due to the strong persistence in income
and the individual specific component in the error term. We can sign this
bias for the lagged income coefficient, but not so easily for the other variables.
It is nevertheless useful in order to evaluate the performance of the GMM
estimator. In the OLS setting, the coefficient on lagged income is upward
biased, whereas Nickell (1981) proved that the within group estimator is
downward biased. We know that the true coefficient lies somewhere in this
range, and this remark allows us to evaluate if the GMM estimator succeeds
in removing the bias. In columns (1) and (2) of Table (5), we rely on the
difference GMM estimator in order to remove the dynamic bias, in asymptotic
terms. This method estimates the model in differences, to get rid of the fixed
effects. The lags of endogenous regressors, which are exogenous to the first
difference of the error term, are used to instrument for their first difference.
In column (1), we instrument aid with its lags, as is usually done in the
literature. In column (2), we use our instrument for aid. Both coefficients
are insignificant, but the estimates of the GDP coefficient cast serious doubts
on the validity of the approach. The first-differenced GMM estimate is well
below the within groups estimate of Table 3, which can already be expected to
be strongly downward biased, given the small time dimension of the dataset.
This signals that the GMM estimate is also biased, possibly because of weak
instruments.?! The first-differenced GMM estimator is therefore not very
informative and for this reason, we use the system GMM estimator in the
next two columns. This is a more efficient method, developed by Blundell
and Bond (2000); it uses the moment conditions from the same difference
equation but also from the original level equation at the same time. This
method is valid under the assumption that the GMM instruments (i.e. the

lagged differences) are exogenous to the error term in the level equation.

2lHere we mean the GMM instruments. We do not rely on them for the aid variable,
and we know that our instrument for aid is actually strong.
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This can be tested using a Hansen test, denoted in the regression tables as
“level eq.”; we report the test p-value. If this test fails, the validity of the
system GMM approach is questionable, and the results should be interpreted
with caution. Finally, the p-value of the Hansen J test of overidentification
is reported; its null hypothesis must not be rejected for the GMM exclusion

restrictions to be valid.

The GDP coeflicient, both in columns (3) and (4), now lies in the expected
range, which confirms that system GMM estimators are more appropriate.
Estimates in column (3) do not make use of our aid instrument. The null
hypothesis of the exogeneity of the GMM instruments for the levels equa-
tion is not rejected by the Hansen test. On the other hand, the number of
instruments and countries is of the same order of magnitude, such that the
p-value of the test is likely to be upward biased, as underlined by Roodman
(2009b). Column (4) instruments aid with our instrument. The coefficient of
aid is now significant, although only with a p-value of 6.9 percent. It is also
smaller than in Table 3. The Hansen tests of overidentification restrictions
and of exogeneity that the GMM instruments for the levels equation fail to
reject their null hypotheses, suggesting that the assumptions required for the
estimators to be valid are satisfied. Taken together, columns (4) of Tables 3
and 5 indicate an elasticity of GDP to aid between 0.057 and 0.10.

GMM estimators come with several caveats about their validity, how-
ever. The first concerns the risk of having too many instruments. Roodman
(2009b) showed how Hansen tests tend to fail to reject the null hypothesis
when the instrument count is large. A rule of thumb is that instruments
should not exceed the number of countries, which is the case in our es-
timations. Relying on our external aid instrument in column (4) reduces
the instrument count, but it still remains close to the number of countries.
Roodman (2009b) recommends that the instrument count is reduced as a
robustness check. One way of doing this is to collapse the instrument ma-

trix. Estimates with this collapsed matrix are reported in Column (1) of
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Table 5: GMM regressions

(1)

(2)

(3)

(4)

Diff. GMM Diff. GMM Sys. GMM Sys. GMM

Log GDP, lagged -0.38%** -0.54%** -0.016 -0.086*
(0.12) (0.14) (0.027) (0.050)
Log aid, lagged -0.014 0.016 0.018 0.057*
(0.030) (0.040) (0.017) (0.031)
Log population -0.073 -0.027 0.022 0.057
(0.14) (0.16) (0.033) (0.047)
Inflation S0 11K -0.076*** -0.086** -0.080**
(0.033) (0.027) (0.034) (0.038)
Money, lagged 0.0019 0.0030** 0.0016** 0.0016*
(0.0012)  (0.0012)  (0.00077)  (0.00090)
Schooling -0.052 -0.047 -0.0072 0.058
(0.050) (0.063) (0.027) (0.051)
Institutional quality 0.0095 0.014** 0.013%* 0.019**
(0.0073) (0.0072) (0.0050) (0.0085)
Openness 0.080%** 0.088*** 0.11%** 0.11%**
(0.031) (0.032) (0.022) (0.022)
Instruments 60 40 74 48
Countries 58 58 61 61
Hansen J test (p-val) 0.55 0.27 0.76 0.27
Hansen test (p-val), lev. 0.95 0.11
AR(1) 0.016 0.12 0.00081 0.0010
AR(2) 0.57 0.28 0.80 0.67
Observations 286 286 347 347

Note: Instruments for the differences equation are log GDP lagged twice in all specifica-
tions, and log aid lagged twice in columns (1) and (3). Instruments for the levels equation
are log GDP lagged and differenced once in columns (3) and (4), and log aid lagged and

differenced once in column (3).

In columns (2) and (4), log predicted aid is used as an

instrument. All regressions include year effects. Robust standard errors clustered at the
country level in parentheses. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table 6. The coefficient on aid is now smaller, and insignificant, but maybe
more importantly, the Hansen tests now strongly reject the overidentifica-
tion restrictions and the validity of the instruments for the level equation.??
This suggests that the p-value of these tests in Table (5) were inflated by
the number of instruments, and that system GMM estimators are based on

questionable assumptions.

There is one more concern: unlike IV regressions in Table 3, no test of
instrument strength is available in a GMM setting. Bazzi and Clemens (2009)
argue that weak instruments are a major concern with these estimators, and
suggest a replication of the GMM instrumentation in a traditional IV setting,
where such tests exist.?> We follow their advice and re-create the matrix of
GMM instruments for the difference and system equations, reporting the
estimations in columns (2) and (3). We can now report the Kleibergen-Paap
statistics about instrument strength and the Kleibergen-Paap LM test of
underidentification. Column (2) shows that the Wald statistic is very low for
the difference equation, and that even the underidentification null hypothesis
cannot be rejected. Since we know from Table 3 that predicted aid is not a
weak instrument for aid, these signs of weak instrumentation must be due
to the GMM instruments. This implies, among other things, that lagged
GDP levels are very weak instruments for GDP differences. This is not very
surprising, given that the difference GMM estimators performed poorly. Such
weakness usually justifies the use of system GMM, as it is believed to be more
robust. The fact that difference GMM performed so poorly implies that the
identification relies heavily on the levels equation. Instrument strength in
this equation is therefore crucial for the whole system GMM. But column (3)
actually reveals that the instrumentation of this equation is even worse than

for the difference equation.

22Collapsing the instrument matrix when using the GMM instruments for aid also leads
to the rejection of these null hypotheses.

ZBlundell and Bond (2000), Bun and Windmeijer (2010), Hayakawa (2007) and Rood-
man (2009a) make the same recommendation.
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Table 6: Instrument collapsing and weak instruments

1) ) )
Collapse Difference  System
Log GDP, lagged -0.044 -1.00%** 1.35
(0.062)  (0.21) (8.47)
Log aid, lagged 0.023 0.054 -0.85
(0.043) (0.049) (6.08)
Log population 0.035 0.33 -0.71
(0.063) (0.26) (4.23)
Inflation -0.088**  -0.075*** -0.93
(0.040) (0.019) (5.35)
Money, lagged 0.0018**  0.0043*** -0.000099
(0.00090)  (0.0011) (0.012)
Schooling 0.013 0.067 -1.38
(0.059) (0.085) (8.99)
Institutional quality 0.012 0.018%** -0.12
(0.010) (0.0054) (0.84)
Openness 0.10%** 0.049* 0.13
(0.024) (0.027) (0.35)
Instruments 22
Countries 61 58 61
Hansen J test (p-val) 0.013
Hansen test (p-val), level  0.0044
AR(1) 0.0014
AR(2) 0.79
KP LM test (p-val) 0.24 0.88
KP F stat 2.05 0.011
Observations 347 286 340

Note: KP: Kleibergen-Paap. In column (1) system GMM is used, like
in Table 5, column (4), but the matrix of GMM-type instruments is
collapsed. Column (2) and (3) are 2SLS regressions where variables
are instrumented using GMM-type instruments. In column (2) all vari-
ables are differenced once, and instrumented using log predicted aid and
lagged log GDP levels. In column (3), instruments are log predicted
aid and differenced log GDP. Robust standard errors clustered at the
country level in parentheses. * p < 0.10, ** p < 0.05, *** p < 0.01.
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All in all, from Table 6, we conclude that our system GMM estimates
suffer from two severe drawbacks. First, exogeneity tests are rejected when
the set of instruments is shrunk. Second, GMM instruments appear to be
extremely weak. These points lead us to infer that the GMM approach
may not improve the fixed effects specification. Instruments with thi